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Statistica Texture Feature Extraction Based on Wavelet Compressed Domain

L1 Xieo-hua ,SHEN Lan-sun

(Signal & Information Processing Lab, Beijing Polytechnic University , Beijing 100022, China)
Abgract: Discrete wavelet trangorm hasdften been used for multi- scae texture characterization through the andyssof gatia-
frequency content. Mogt previous methods make no acoount of the correation of codficients in adacent subbands. However ,in intu-
ition ,the codficientsin adjacent subbands are highly corrdated. A novel method for texture feature extraction is now proposed based on
the gdidics reationships of wavelet codficients at adjacent scde subbands with the same orientation. In addition ,taking into acoount
the fact that mogt of current images are gored and trangmitted in the conpressed format we try to make the proposed method conrpati-
ble with the new generaion image compresson gandard-JPEG2000. Therefore ,texture cdassfication can be performed directly on the
oonpressed DWT domain(jugt entropy decoding needed) . Bxperimental results show that the proposed scheme has outperformed the
previous methods ,and the beg performance is achieved by combining cross subband relationship and traditional subband energy.
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